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Only one possibility?

(a) Instance Segmentation (b) Amodal Instance Segmentation () Multimodal Amodal Instance Segmentation

* Instance Segmentation: predicting mask of (visible part of) each object instance
« Amodal Instance Segmentation:i*2 predicting not only mask of visible part of object, but also that of invisible part
* Multimodal Amodal Instance Segmentation: predicting all possible amodal instance segmentations
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« Our model is based on Mask R-CNNLII, We extend
a new branch to predict amodal instance mask,
whose input is RolAlign feature and random vector.

« We apply IMLE!" to train the model to make
random vector represent information about

Invisible part.
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